stment
and strength
t

This data set contains an anonymized set of variables,
representing a custom feature in a Mercedes car.

stem in focus is the Air Pressure
d in various fun
shifting

The data was collected from a semiconductor manufacturing process. It
represents a sele ® amp\: represents a
single productio

nder Band St gated using control rul
to be promising f

Bosch
Production Line
Performance

The data for this competition represents measurements of parts as they
move through Bosch’s production lines. Each part has a unique ID. The
goal is to predict which parts wil fail in quality control.

Quali
Prediction Data from a m
Mining Process the or

o This data was collected from a demonstrator of a high storage systen
. which transports one package betwe 0 spots. The high storage
(AIIEZL system consists of 4 short col r belts and 2 rails
Production Plant
Data for
Condition

CNC Mill Tool Machining data was collected from a CNC machine for variations of
Wear tool condition, feed rate, and clamping pressure.

e g machine for
Miling ent speeds, feeds, and depth of cut. Additionally, data from the
wear of the milling process is acquired

Li-ion Battery
Aging

The NASA data set comprises different size NACA 0012 airfoils at
Airfoil Self-Noise | various wind tunnel speeds and angles of attack. The goal is to predict
sound pressure levels.

Fault diagnosis problems of electromechanical devices. Each instance
contains many components, each one has eight attributes. Different
instances in this database have different numbers of components

gement,

ified into seven different types
s to train machine learning for automatic pattern
recognition

PHM Data Challenge 2015: Fault detection and prognost
common problem in industrial plant monitoring. The final aim is e
ability to detect plant faults.

Plant Fault
Detection

robot after

T "The Gata was extracted 1Tom an engine, which 15 operating normally at
Turbofan Engine I “ihe start of each time series until a facit occurs, The objective of the
Simulation competition is to predict the number of remaining operational cycles

box Fault

PHM Data mer 1ge 2009: Fault detecti m wd m 1gummo rnmatmn
ut
Detection

Anemometer PHM Data Challenge
Fault De I BT e ‘,,du)t,
things the financing of a

Maintenance C 3:M ce actic nmendation,
Action chisa co a ote monitoring and
commendatio

PHM Data Challenge 2014 et health calculation that is a common
Condition problem in industrial remote monitoring and diagnosti

Maintenance of [ Data has been gel ted simulator of Gas Turbines
Naval Propuiion | (G, mounted on a Frigate characterized by a Combined Diesel Electric
and Gas (CODLAG) propulsion plant.

Each machine includes a ich stores data such as warning
lems and errors generated by the machine over time.

Predictive The data set s in kind of tim onsisting of the log message and
Maintenance failure records of 984 days. The goal is to predict machine failure in
advance.

time series, and

Aircraft Engine series

Semiconductor PHM Data Challenge 2016: the challenge is focused on tracking th
CMP health state of components within a wafer chemicatmechanical
planarization (polishing) system
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https://archive.ics.uci.edu/ml/datasets/APS+Failure+at+Scania+Trucks
http://archive.ics.uci.edu/ml/datasets/Condition+Based+Maintenance+of+Naval+Propulsion+Plants
https://c3.nasa.gov/dashlink/resources/139/
https://c3.nasa.gov/dashlink/resources/133/
https://www.kaggle.com/inIT-OWL/production-plant-data-for-condition-monitoring/home
https://www.kaggle.com/shasun/tool-wear-detection-in-cnc-mill
http://archive.ics.uci.edu/ml/datasets/SECOM
https://www.kaggle.com/c/bosch-production-line-performance/discussion/23319
https://www.kaggle.com/uciml/faulty-steel-plates
https://ti.arc.nasa.gov/tech/dash/groups/pcoe/prognostic-data-repository/
https://ti.arc.nasa.gov/tech/dash/groups/pcoe/prognostic-data-repository/
http://archive.ics.uci.edu/ml/datasets/Cylinder+Bands
https://www.openml.org/d/857
https://www.kaggle.com/inIT-OWL/versatileproductionsystem
https://github.com/Azure/PySpark-Predictive-Maintenance
https://www.kaggle.com/afumetto/3dprinter
http://archive.ics.uci.edu/ml/datasets/Robot+Execution+Failures
https://www.kaggle.com/edumagalhaes/quality-prediction-in-a-mining-process
https://www.phmsociety.org/competition/phm/11
https://www.phmsociety.org/events/conference/phm/13/challenge
http://archive.ics.uci.edu/ml/datasets/Mechanical+Analysis
https://ti.arc.nasa.gov/tech/dash/groups/pcoe/prognostic-data-repository/
https://www.kaggle.com/inIT-OWL/genesis-demonstrator-data-for-machine-learning/home
https://www.kaggle.com/inIT-OWL/high-storage-system-data-for-energy-optimization
https://www.kaggle.com/c/mercedes-benz-greener-manufacturing
https://archive.ics.uci.edu/ml/datasets/airfoil+self-noise
https://c3.nasa.gov/dashlink/resources/997/
https://www.phmsociety.org/events/conference/phm/14/data-challenge
https://github.com/robot007/PHM15/blob/master/PHM_Data_Challenge_Rules_2015_Repository.pdf
https://www.kaggle.com/c/predictive-maintenance1
https://www.phmsociety.org/events/conference/phm/16/data-challenge
https://ti.arc.nasa.gov/tech/dash/groups/pcoe/prognostic-data-repository/
https://archive.ics.uci.edu/ml/datasets/Condition+monitoring+of+hydraulic+systems

